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A Knowledge Graph Fault Detection Model for Safety Production Processes
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Abstract; To meet the diversity and distributed requirements of safety production processes, a fault detection based on
knowledge graph is proposed, which adopts the mutual information (MI) and embedded variable similarity (VES) to con-
struct a knowledge graph for safety production processes. A global feature extraction based on graph attention networks and
a local feature extraction based on bidirectional long short-term memory (Bi-LSTM) networks are proposed, with a sub-
block fusion collaborative prediction model and fault detection designed. Experimental results show that the proposed model
not only has good practical applicability, but also outperforms existing benchmark methods in terms of detection accuracy and
false alarm rate. Moreover, it has more effective parameter sensitivity, providing a technical support for fault detection in
safety production processes.
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