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Research on Generalized Classification of Crop Time Series
Based on Growth Rate Encoders

GUO Wei, MA Shengjie, MA Xinglu
(College of Information Science and Technology, Qingdao University of Science and Technology,
Qingdao 266061, China)

Abstract: Crop classification is a fundamental task in agricultural remote sensing, but in practical applications, the
growth period of crops has a great difference due to factors such as climate and cultivation practices in different regions. Ex-
isting methods have poor classification effects on the data across regions and years and limited model generalization effects.
Therefore, research is conducted on the generalized classification of time-series crops for plot-level satellite images, and an
attention-based growth-rate encoder for plot-level satellite time-series classification is proposed. The thermal-time mapping
growth rate method is used to replace the calendar time with the normalized growth progress for temporal position encoding.,
enhancing the adaptability of temporal classification models across regions and years. Through reasoning tests on datasets of
seven crops including wheat, soybeans, and corn in four regions, the results show that the approach achieves the overall ac-
curacy (OA) and Fl-score by 91. 22% and 83. 47 %, respectively, demonstrating that this method can handle more complex
data and significantly improve the generalization ability of classification models.
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