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Research on Resource Allocation Method for Multi-UAV
Cooperative Path Planning
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(1. School of Automation, Northwestern Polytechnical University, Xi’an 710072, China;
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Abstract; Aiming at the problem of multi-objective and multi-UAV cooperative path planning, based on the solution of
MOEA/D algorithm, a deep reinforcement learning method is adopted to study the computational resource allocation method
in the MOEA/D algorithm; Study the multi-UAV cooperative path planning. analyze the relevant constraints and optimiza-
tion objectives, and establish the multi-objective optimization model of multi-UAV cooperative path planning; Investigate the
multi-objective evolutionary cooperative path planning based on decomposition by combined with the idea of co-evolution,
study the computational resource allocation strategy based on reinforcement learning, realize the application of deep reinforce-
ment learning in the multi-objective optimization of computational resource allocation, and achieve the simulation verification
of the multi-UAYV cooperative path planning; Though simulation test, the algorithm completes the multi-UAV cooperative
path planning task with a higher performance and improves the performance of the computational resource allocation
strategy.
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