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Rotating Machinery Fault Detection Technology for Mutual Feature Fusion
Based on Attention Mechanism
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Abstract; Rotating mechanism is widely applied in production and life. However, the application environment of rotating machin-
ery has the problems of complex application environment, harsh production environment, mutual influence of various components,
and inability of a single signal to fully show fault characteristics. To solve this problem, a convolutional neural network is constructed
according to the attention mechanism, self-attention module is introduced into the network structure, multiple signal sources are used
for data extraction, the complementary fusion of different signal features is carried out to build a rotating machinery fault detection
model, and Fourier transform is used for data optimization. Experimental results show that the fault classification accuracy of the con-
structed model is 99.92%, 1. 89% higher than that of the second best algorithm, with a fault detection accuracy of 99. 64 %. The the
detection accuracy of the data is improved by an average of 17. 32% after Fourier transform. It can be concluded that the fault detec-
tion model constructed can effectively extract and fuse fault features of different data acquisition, greatly improving the fault detection
accuracy of rotating machinery. Moreover, the data feature fusion module is added in the model to effectively reduce the operating cost
of separate calculation, improve the calculation speed, and reduce the production safety accidents caused by mechanical faults.
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