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Design of Medical Record Quality Control System Based on Deep Learning

LUO Ming

(Guangdong Meizhou People’s Hospital, Meizhou 514000, China)

Abstract: The main complaint information of patients in medical field is key to medical text classification work, which can provide
a strong support for smart healthcare and information text classification. In recent years, with the development and application of deep
learning, full process medical record quality control models based on traditional deep learning technologies have emerged one after an-
other. However, traditional models have many shortcomings and limitations, such as slow training speed, accuracy loss, overfitting,
and inability to process large-scale data. Therefore. an improved deep learning algorithm is introduced. Under the guidance of the
guide, the experimental result of the whole process medical record quality control system based on deep learning is that, when the
word vector is set to 160, the Bidirectional recurrent neural network model is the best, with an accuracy rate of 84. 9%. The accuracy
of BIGRU-SA Model is not significantly affected by the vector dimension. Then the accuracy of the improved text categorization feed-
forward neural network model increases exponentially when it is updated in the third and fourth iterations, and its precision reaches
the ideal value of 83% at the third iteration. With the increase of iteration number, the accuracy of the model shows the trend of in-
creasing first and then decreasing later. In the sixth iteration, the model performs best with an accuracy of 84.9%. The optimized
whole process medical record quality control model has achieved certain improvements in four indicators of area, accuracy, F, . and re-
call under the rate of change index. The results show that the problems of overfitting and feature information loss are better solved,
and the control of entire process medical record quality is achieved.

Keywords: BiGRU-SA; full process medical records; TextCNN; medical diagnostic equipment; connotative quality
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