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Vehicle Trajectory Prediction Combined Attention
Mechanism with Target Information
LIU Jianming', CHEN Weixia’, LU Zhongkang®
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Abstract: The accurate prediction of the future state of moving objects in the surrounding environment is an important influencing

2. Guangzhou Huagong Automobile Inspection Technology Co. , Ltd. , Guangzhou

factor for autonomous vehicles to make accurate decisions. A vehicle is one of the most common and demanding moving objects. A
depth prediction network based on attention mechanism is proposed for the multi-modal input problem of vehicle trajectory prediction
on the structural road. An interactive module is proposed to extract the interactive features of target vehicle. surrounding vehicles and
lane line information. Combined with the guidance of lane line information to the vehicle movement, the target point prediction module
is added to predict the possible target point of target vehicle to increase the prediction accuracy. The experiments are conducted on Ar-
goverse public dataset, the proposed prediction network achieves the prediction accuracy for the minimum average distance error of
1. 45 m and minimum final distance error of 3. 21 m in the prediction range of 3 s, which is better than current mainstream methods.
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