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Simulation Analysis of Correlation Filtering Tracking
Algorithm Based on MATLAB

WANG Xing, LIU Zhongwang
(School of Internet of Things Engineering. Jiangnan University, Wuxi 214122, China)

Abstract; The target tracking algorithm based on correlation filtering is a common visual tracking method, which uses the feature
information of the target to track; In the tracking process, the target position is determined by calculating the correlation between the
target template and the candidate area in the current frame image; Through the introduction of the first MOSSE algorithm combining
the concept of correlation filtering with target tracking technology., three improved correlation filtering tracking algorithms based on
this algorithm are introduced: KCF algorithm, DSST algorithm and BACF algorithm; And conduct simulation experiments on MAT-
LAB platform based on the OTB100 data set; Under the one-time evaluation standard, the average success rate and averageaccuracy
of BACF algorithm are the highest 64.5% and 80.4% respectively; Under the spatial robustness evaluation standard, the average
success rate and averageaccuracy of BACF algorithm are the highest 58. 2% and 78. 6 % respectively; Under the time robustness evalu-
ation standard, the average success rate and averageaccuracy of BACF algorithm are the highest 65.8% and 85.1% respectively;

Therefore, BACF algorithm has the best tracking performance, while KCF algorithm achieves the highest tracking speed of 154. 36

frame rate.
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