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Abstract: In view of the method that the traditional power inspection process must rely on the experienced manual work to com-
plete the identification of data and information security related to power equipment, a data and information security identification
method based on Generative Adversarial Networks (GAN) and DenseNet is designed. The GAN model is adopted. and its powerful
representation ability is used to complete the expansion of the training sample database through the training for the network model,
which realizes the purpose of improving the model generation ability. Combined with the DenseNet, the security of power inspection
data information can be identified, which can solve the hidden dangers of power inspection and promote the application of artificial in-
telligence technology. By the verification experiment on the data information set of electric power inspection, combined with the rec-
ognition accuracy of different methods on different types data sets, the validity and reliability of the data information security identifi-
cation method based on the GAN and DenseNet are verified, which provides a new idea for the traditional identification method of the
data information security of electric power inspection.
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