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A Survey of Knowledge Graph Embedding Study for Link Prediction
WANG Rui, LI Zhijie, LI Changhua, ZHANG Jie

(School of Information and Control Engineering, Xi’an University of Architecture and Technology, Xi’an 710055, China)

Abstract: Knowledge graphs have a wide range of applications in the field of artificial intelligence, such as information retrieval,
natural language processing, recommender systems, etc. However, the openness of knowledge graphs often means that they are in-
complete and have their own flaws. In view of this, it is necessary to establish a more complete knowledge graph to improve the actual
utilization of the knowledge graph. The link prediction is used to infer new relations through existing relations, so the completion of
large-scale knowledge base is realized. By compared with the knowledge graph link prediction models based on translation models, the
framework of the knowledge graph link prediction models is analyzed from the aspects of common data sets, evaluation indicators,
translation models, and sampling methods, and the link prediction models based on knowledge graphs are reviewed. It can provide a

simple and efficient identification and reasoning method for large-scale knowledge graph embedding. and increase the diversity of the

downstream artificial intelligence control application tasks.

Keywords: open knowledge graph; knowledge graph embedding; knowledge graph completion; link prediction
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