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Research on Improving the Robustness of Correlation

Filtering Target Tracking Algorithm
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Abstract: Although ECO algorithm has greatly improved the tracking effect, there are some shortcomings in complex scenes and

even loses the target, and its robustness is not high. In this regard. how to improve the robustness of ECO algorithm is discussed by

using the ability of deep feature to process deep semantics and the ability of shallow feature to process texture color information. At

the same time, the different functions of depth feature and shallow feature are compared in target tracking, and an improved method

is put forwarded, Firstly, the ResNet-101 network with deeper level is selected on the deep network; Secondly, the parameters suit-

able for this network are modified. The experiment of the algorithm in OTB-2015 also achieved good results, The success rates of low

resolution, background clutter, illumination change and scale change are 0. 135, 0. 034, 0.031 and 0. 024 respectively.
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