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Research on Electrical Fault Classification Based on Instance and
Attribute Weighted Naive Bayes

SHU Yifei', GUO Wensheng', FAN Bo', KANG Jieying', XU Shiyu’, YANG Lin®
(1. Marketing Service Center, State Grid Ningxia Electric Power Co. . Ltd. . Yinchuan 750000, China;
610065, China)

Abstract: In order to achieve rapid, accurate and dynamic classification of electrical faults, an electrical fault classification model

2. College of Electrical Engineering, Sichuan University, Chengdu

based on attribute and instance weighted naive bayes (AIWNB) is proposed. The prior probability and conditional probability in the
naive Bayes classification method are improved by using two instance weighting methods. The eager instance weight depends on the
statistics of the frequency of each attribute value, and the lazy instance weight is determined by calculating the correlation between the
training instance and the test instance one by one. Attribute weight is defined as the residual between attribute-attribute correlation
and attribute-class correlation based on mutual information. The proposed AIWNB method organically combines attribute weighting
and instance weighting in a unified framework of Naive Bayes. the electrical measurement data of high and low voltage users is used to
verify. Experimental results show that compared with pure Naive Bayes, the weighted Naive Bayes is more competitive, and the accu-
racy and F1 score can be increased by 3.09% and 9.39%, the practicality and effectiveness of algorithm are proved in the classifica-
tion of electrical faults. Compared with other electrical fault classification methods, the superiority of algorithm is verified.
Keywords: attribute weighted; eager instance weighted; lazy instance weight; na? ve bayes framework; electrical faults classifi-
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