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Abstract: With the rapid development of information technology in the era of big data, the amount of heterogeneous data based on

the network architecture of all kinds of hardware protection equipment increases exponentially every day. Based on the traditional net-

work security protection technology, it can not be effectively applied to the work of network security and analysis and prediction with

the characteristics of massive data, so it is necessary to save, use and analyze massive data. Data analysis and prediction has gradually

become the focus of the community and the current research trend. Taking massive heterogeneous data as the research object, this pa-

per identifies the typical characteristics of network security big data, combined with the main methods of intelligence prediction., inno-

vatively puts forward the network security prediction analysis technology under the characteristics of big data, improves the ability of

network security risk identification and prediction, and effectively improves the network protection effect.
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