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Abstract: All kinds of data are generated during satellite development, production and in—orbit flights, how to deal with it is a

Yantai

big problem. Due to the large amount of data, diverse data types, and complex characteristics of the correlation, it’ s almost impos-
sible to sort out the correlation and explore the value of these data by using of manual analysis or expert strategy. A method for analy-
zing, algorithmic evaluation and modeling of rubidium clock” s telemetry data by using Python is presented. This model can be used
to predict the state of the rubidium clock, and to enable satellite to control the rubidium clock intelligently. This method can also be

used to process data from other devices on satellite, and it provides a reference for the use of machine learning in the design and manu-

facture of satellites.
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import numpy as np

from matplotlib import pyplot

from pandas import read_csv

from pandas import set_option

from pandas.plotting import scatter_matrix

from sklearn.preprocessing import StandardScaler
from sklearn.model_selection import train_test_split
from sklearn.model_selection import KFold

from sklearn.model_selection import cross_val_score
from sklearn.model_selection import GridSearchCV
from sklearn.linear_model import LinearRegression
from sklearn.linear_model import Lasso

from sklearn.linear_model import ElasticNet

from sklearn.tree import DecisionTreeRegressor

from sklearn.neighbors import KNeighborsRegressor
from sklearn.svm import SVR

from sklearn.pipeline import Pipeline

from sklearn.ensemble import RandomForestRegressor

from sklearn. import
from sklearn.ensemble import ExtraTreesRegressor

from sklearn. import Ad

from sklearn.metrics import mean_squared_error
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3 3.192 0.000 -0.001 -0.002
4 3.193 0.000 -0.001 -0.002
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6 3.193 0.000 -0.001 -0.002
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