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An Ensemble Based on Neural Networks with Random
Weights for Real —timeTelemetry Data Processing

Jia Haiyan
(Unit 92941 Element of the PLA, Huludao 125000, China)

Abstract: Telemetry data of flight task are time— series data streams sequentially and rapidly. Data drift Influenced by measure-
ment devices and spatial environment is produced, the evolving nature of processes may often cause changes of data distribution,
which is difficult to detect and causes loss of accuracy in data prediction accuracy. a single forecast models can’t adapt the change of
data feature attribute. As a consequence, an ensemble model was put off that combine neural networks with random weights algo-
rithms and bagging algorithm, it is able to update actively according to possible changes in the data distribution. By use of the diversi-
ty of base model, low training complexity and dynamic updating mechanisms, it is a accurate algorithm that can operate in a computa-

tional time. Through experimental simulation, the results show that the method can obviously restrain the drift of telemetry data, and

the prediction accuracy of the data is improved by nearly 10 m.
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