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Perioperative Period Postoperative Rehabilitation Behavior Detection
Based on RFID

Wei Dashun', ZhangDelin*, Dong Ruiguo®
(1. School of Medical Information, Xuzhou Medical University, Xuzhou 221000, China;
2. Affiliated Hospital of Xuzhou Medical University, Xuzhou 221000, China)

Abstract: It is subjective to judge whether the rehabilitation results of postoperative patients meet the discharge standards. To
this end, RFID technology is introduced, and a postoperative rehabilitation behavior detection method based on RFID is proposed. Be-
cause the patient’s active path information obtained by RFID during the perioperative period has characteristics such as high redundan-
cy, high dimensions, and high uselessness, before mining. first calculate the condition information entropy of each attribute in the
transaction database to reduce the attributes; Improve the mining efficiency and reduce the useless mining process. Based on the tradi-
tional FP—growth, perform verification mining, and check whether the patient's post— operative activities meet the standard based on
the mining results. The experimental results show that the operation efficiency and mining quality of the algorithm are significantly

improved compared with the traditional FP—Growth algorithm, and the mining results are consistent with clinical indicators. which

has certain clinical feasibility and effectiveness.

Keywords: RFID; behavior detection; data mining
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