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Research and Implementation of Equipment Metrological Forecasting
Based on Grey Neural Network

Zhou Dongfang'?, Wang Zhihu®, Ding Fenghai®

(1. College of Computer Science, National University of Defense Technology, Changsha 410073, China;

2. Department of Technology , China Satellite Maritime Tracking and Controlling Department, Jiangyin 214431, China)

Abstract: In order to realize the forecasting of equipment technical status based on metrological data which with less historical
sample data, the GM (1, 1) model of grey theory which suitable for less sample data was applied. And a grey neural network model
based on GM (1, 1) traditional model optimized by RBF neural network was proposed in order to improve the accuracy of GM (1, 1)
model. The application analysis of equipment metrological data shows that the models all can obtain the reasonable forecasting value,
and compared with the GM (1, 1) traditional model, the GM (1, 1) optimization model has better model accuracy and forecasting
effect. The software of equipment metrological forecasting developed by Matlab, realized the visualization operation of equipment me-
trological forecasting and comparison which in GM (1, 1) traditional and optimization model. provides a reference technical scheme
for equipment metrological support.

Keywords: equipment support; metrological data; forecasting; grey model; RBF neural network; grey neural network; optimi-

zation; Matlab
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