B 5 A

THEPLI & 5 4. 2020, 28(3)

Computer Measurement & Control + 201 -

TEHS 1671 - 4598(2020)03 - 0201 - 05

DOI:10. 16526/j. cnki. 11—4762/tp. 2020. 03. 042

HESES: TP XERARIRES : A

— M EN R X EELFEEN
RiERHENA

L4 %, o, ¥ !
(1. el TR Bs B TR, et 211167;
2. MR LR 15 8 5l g TREZEBE. MR 211167)

R BP0 R e R LR KA MR R BRI AR 3R T — B R ) — OB 2R A S e iR L2 o e A
RE ST ol T SR A IS PN B 0 S i) B S P o B R BE B AR B A R/INR S TR A A R i SO 2R A S )
MUY 2688 it UCTHUIRSE, 0iE 7 ot B vk Al T e SVM £ 40 2650 ik A U B vl 5 LA XU Al ML 20 345 58 A 0 32 W 4 S 0F 9
G FET WA G 7 v S ORI AR R B 9 i SO R A SRR 1) e WILARE I S BT X O A R ) A U

KB i B AR L A AR s ORI

An Improved Partial Binary Tree Twin Support Vector Machine
Algorithm and Its Application

Jiang Jiahui', Bao Yonggiang®, Shao Qi
(1. School of Electric Power Engineering, Nanjing Institute of Technology, Nanjing 211167, China;
2. School of Information and Communication, Nanjing Institute of Technology, Nanjing 211167, China)
Abstract: Aiming at the problem that the classification performance of binary trees is greatly affected by its hierarchical struc-
ture, this paper proposes an improved multi— classification algorithm for partial binary tree twin support vector machine (TWSVM).
The algorithm defines a mixed separation measure B, which based on sample class distance and interclass distance, and a suitable bi-
nary tree twin support vector machine classifier is constructed based on the value of 8. Compared with other SVM multi— classifica-
tion algorithm on UCI data sets, the superiority of improved algorithm is verified. Taking the wind turbine gearbox as the research

object, feature vectors of faults were extracted based on time — frequency joint feature, and the faults were diagnosed by the im-

proved partial binary tree TWSVM,
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