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Prediction for Rolling Bearing Remaining Life
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Abstract; A new prediction method was proposed based on time domain features and support vector machine to describe the roll-
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ing bearing degradation trend. Time—domain features were extracted to construct high— dimensional characteristic sets. The principal
component analysis (PCA) algorithm was used for dimensionality reduction in order to eliminate the problem of redundancy between
cach indicators. The characteristic features were input to the support vector machine. which is optimized by particle swarm optimiza-
tion (PSO), so as to accomplish the trend prediction. The rolling bearing run— to— failure tests were carried out to inspect the predic-
tion model, and the results demonstrate the effectiveness and accurateness of the proposed algorithm.
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