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Pedestrian Action Recognition Based on Improved DNN—LSTM Algorithm

Dou Xueting, Wang Shuo, Ji Xinsheng
201820, China)

Abstract: In order to improve the accuracy of pedestrian action recognition in front of driving vehicles, A recognition model based

(Shanghai University of Engineering Science, Shanghai

on Empirical Mode Decomposition and combination of Deep Neural Network and Long Short Term Memory Network is proposed.
Based on the analysis of the characterization parameters of the skeleton nodes, the potential energy. relative position. acceleration and
angular acceleration are used as the characterization parameters to describe the pedestrian behavior. The Empirical Mode Decomposi-
tion can smooth the data and establish a recognition model for the fusion of Deep Neural Network and the LLong Short Term Memory
Network. Achieve accurate identification of pedestrian behavior in front of the vehicle. The validity of the method was tested using the

Weizmann dataset and the KTH dataset. The results show that the accuracy of the pedestrian behavior recognition based on the two

datasets is 98. 58% and 98% . respectively. which can provide effective data support for the driver assistance system.
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