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Video Flame Detection Method Based on Target Tracking and Deep Learning

Geng Mengya, Zhang Guoping, Xu Hongbo, Zhang Yingying
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Abatract: In recent years, frequent fire accidents have seriously affected the ecological environment and social economy. video

(College of Physical Science and Technology, Central China Normal University, Wuhan

surveillance system plays a very important role in fire prevention and environmental monitoring. To overcome the shortcomings of tra-
ditional video flame detection methods, such as manual extraction of flame features, low recognition rate and high false detection rate,
a flame detection algorithm based on feature detection, multi— target tracking and deep learning is proposed. The algorithm extracts
the dynamic object in video by the Gaussian mixture model motion detection method, then filters the suspected flame object through
the color model combined with HSI and RGB, and tracks the extracted object with multi— target tracking algorithm. Finally, the sta-
ble target is judged by CaffeNet model and the result of flame discrimination is obtained. Experiments show that the algorithm can de-

tect the video flame accurately, identify, and the average recognition accuracy of the flame video data set is 98. 79 % , which can meet

the demand of real—time flame detection.
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