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Target Recognition and Spatial Location Based on Mask RCNN
Ou Pan, Lu Kui, Zhang Zheng, Liu Zeyang

(School of Instrumentation Science and Opto— Electronics Engineering, Beihang University, Beijing 100191, China)
Abstract: In the research of autonomous grasping system of manipulator, in order to acquire the spatial coordinates of the object

automatically, Kinect depth sensor is used to collect RGB image, improved depth learning algorithm Mask RCNN is used to recognize

and segment the target on RGB image, and through the Kinect depth sensor model, the two— dimensional image coordinates are trans-

formed into three dimensional space coordinates, and the object is modeled in three— dimensional to achieve the purpose of spatial po-

sitioning. Mask RCNN algorithm trained by a large amount of data can recognize many objects with different features at the same

time, so it has wide application space. Experiments show that the three—dimensional coordinates of the target object are more accu-

rate and less affected by the environment, it is of great significance to the research of the manipulator grasping system.
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