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Research on Distributed SVR in Short—term Load Forecasting
Zhang Zhiyu, Hou Kai, Li Chenxi

(College of Automation and Information Engineering, Xi'an University of Technology, Xi'an 710048, China)
Abstract: Accurate load forecasting can reasonably arrange the start and stop of the unit and reduce the cost of power generation,
especially short—term load forecasting is of great significance for power system control, operation and planning. However, the tradi-
tional forecasting methods can not reflect the demand of users timely and accurately. Load forecasting using distributed support vector
regression (SVR) in Hadoop environment, at the same time, the self—call SVR (UD—SVR) method based on uniform design is used
to optimize the parameters, and the accuracy of the distributed SVR algorithm implemented in this paper is further improved. The al-
gorithm is validated by a real power load data set. The experimental data comes from real electricity consumption data for 424 consec-

utive days in a prefecture—level city in western China. The results show that the improved algorithm is feasible for short—term pow-

er load forecasting. Not only the prediction accuracy is improved on the original basis, but also the calculation speed is greatly im-

proved with the increase of data volume, which reduces the load forecasting time.
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