PREALI SR 2019, 27(1)

Computer Measurement & Control 41

iz 5 AR IS

NEHFS:1671 -4598(2019)01 - 0041 - 06

DOI:10. 16526/j. enki. 11—4762/tp. 2019. 01. 009 hES %S TP391 XERFRIZAG : A

T & B &858 A XS B iR i1 BE &2 M #F 32
# o, # X, % s, BER, N K, A&

(1. WRTHERY BPEE%0, W% 710048; 2. WRHIBHMEARAR, P4 710061;
3. WUEMIRREBIEHEARERAF . WU 71006D)

WE: HXTFEIRE T AR IR . A 5l sl Tl S A 4R T T R 5 B B A U B 0 s RSk B X 5 g
KA ARSI FARAR I R AR L R o o G TR0, R Y DR/ S A T R K 3 X300 908 g B T S 0 Dt i 2 i 1 0 0 6 i b
B ORJE FREAT BARKI s o S A RS . FE T I E IR B S S R (E L BT Oy AR Sh A XU (A L B T L
B 19 Bl 25 U A s A 0 325 X AN () R BE %5 S RIS B ST R s S B EE AT RGN . 3 11097 A IR Bl X Ll o3 A e ik
PR R ERAERRIR . BRI R, PR IR R, LI AURER . SUES I BRI R A . BE R, AT S
. NS T 5 PR T KR H AR

KGR FHIEL; HAKW; BB BGEHEER; KR

Impacts Analysis of Object Detection Algorithm Considering Image
Enhancement in Haze Environment

Zhang Yue', Zhang Qi*, Li Xun', Zhang Rongrong®, He Xia', Li Yanbin'
710048, China;
710061, China;

710061, China)

Abstract: Considering traffic accidents prone to the cause of lower object detection rate in haze condition, a dynamic dual— thresh-
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old object detection algorithm based on image enhancement was investigated in this paper. To cope with the problem of burr and dis-
continuity caused by the traditional edge detection operator in the severe haze days, an atmospheric scattering model based image en-
hancing method was put forward to improve the quality of the original image. Then object detection method of dynamic threshold, dy-
namic threshold based on mean— value filtering, dynamic dual threshold based on histogram equalization and dynamic dual threshold
based on Laplace operator were employed to process and analyze the video of vehicle motion under variable haze conditions, and the
application scopes and corresponding thresholds of these dynamic dual thresholds were determined. Finally, the best detection rate,

the most poor detection rate, the average detection rate and false alarm rate of the improved algorithm are compared with 11097 ima-

ges.

traffic accident.

The result illustrates that the improved algorithm is more suitable for object detection in haze condition and can help to reduce the
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