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Object Tracking Algorithm Based on Improved MOSSE
Correlation Filter Algorithm
Ji Gang, Gao Fudong, Fan Jiali
(Department of Carrier Aviation Security and Station Management, Naval Aviation University,

266041, China)

Abstract: In order to achieve robust tracking performance for occlusion, noise, and drifts, a multiple model update strategy for visual

Qingdao

tracking algorithm is proposed to adapt the target appearance changes. Moreover, for adapting complex appearance change, an update rate
strategy has been proposed. The multiple models update strategy for visual tracking algorithm can process both infinitesimally small move-
ments and abrupt changes simultaneously, which can effective solve the severe appearance changes and weak displacement in the process of
object tracking. Simulation experiments results have demonstrated that compared to its single model tracking algorithm, our proposed strate-

gy can improves significantly the tracking stability and accuracy in benchmark datasets, which is suitable for military equipment applications.
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