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Multi— sensor Fusion Based ADRC Control of Multiple Robots Formation
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Abstract: This paper is concerned with the formation control system problem for multiple robots based on multi— sensor informa-

(College of Information Engineering, Zhejiang University of Technology, Hangzhou

tion fusion approach. First, the Kalman filter algorithm is applied to fuse the laser data and odometry data to improve the positioning
accuracy of the robot, which help establish the error model of the robot formation system. Then, a ADRC controller is designed to re-
alize the formation control of the mobile robot. Finally, a formation control experiment platform is designed, and the effectiveness and

advantages of the proposed methods are verified on the platform.
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