THE AL R S5 EH. 2018, 26(3)

- 288 Computer Measurement & Control

RBSENRA|

NEHS:1671 -4598(2018)03 - 0288 - 04

DOI:10. 16526/j. cnki. 11—4762/tp. 2018. 03. 071

HESES TP31I XERARIRES : A

T LSTM fRURIE & B Bk 75T 1 75 5 5

£ A, % @', %k BR' iwj', gL'
(L AR MR AR AR A A, deat 1000415

2. b mt T A TR RIS W 5 (AT B A SR, bRt 100041

TR B XU 5 o (e R SR P R AR R ORI ME . ARSI E S AR S5 (R, R0 T — Bl ik T A B 2 ) B0 A B R PEA O i, RO R
AR FEA KA VIR LSTM G5 A7 55 e 0 2% I 44 AR5 AE 25 18] o R P 00 ek 800 495 A0 17 k5 A 22 110 £ ORI B 88 A A HRE IR S A SR AR R BEE . BT
RO SR BT AR G B A B RO S AR VAl 5 2 X o g R UL T A T R LIl o R R R 4 T B AR AT IR, IR
T 5B TARRZS — SOl HR BEPEAG fED,  H A AR i 1 A% B2 A0

KB WL~ LSTM; RS IEAY

Study of Health Assessment for Wind Tunnel Based on LSTM
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Abstract; This paper presents a health assessment method for wind tunnel based on deep learning networks, which utilizes the LSTM

(1. Beijing Aerospace Measure & Control Corp. Ltd, Beijing
Laboratory of High—speed Transport Intelligent Diagnostic and Health Management, Beijing

encoder —decoder to build up the normal status features space via computing the hidden status of examples data. Meanwhile, the quantitative
value of the diversity between the measurement data and example data is calculated using Euclidean distance from feature vector to the normal

status feature space, and then hundred—mark health index can be specified. As result, health assessment method achieves high accuracy in

evaluation of two fault data sets of wind tunnel, which show a significant effect and strong application value.
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