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Short—term Load Forecasting Based on Dynamic Bi—group Particle Swarm

Wang Xuewei, Cheng Ruofa, Yang Hongchao. Lii Caiyan

(Information Engineering Institute, Nanchang Aviation University, Nanchang 330063, China)

Abstract: In order to improve the accuracy of short— term load forecasting, this paper presents an efficient algorithm for parameter opti-

mization of Support Vector Machine. The algorithm first sorts the initial particle swarm fitness, and then divides the initial particle swarm in-

to two groups according to the size of the fitness, and simultaneously uses the different weights for global search and local search. The num-

ber of global search particles is much larger than that of local search, and the larger global inertia weight is used. The local search particle

group uses a smaller inertia weight. With the increase of the number of iterations, the number of global search particles is decreasing, the

number of local search is increasing, the number of particles of two groups is dynamically changing. And the average particle size and fitness

variance are introduced to solve the problem that the particle group is easy to fall into the local optimum. Finally, the improved dynamic two

group particle swarm optimization algorithm is used to optimize the parameters of the least squares support vector machines for short—term

load forecasting. The experimental results show that the proposed method has higher prediction accuracy and is feasible and effective.
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