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Detection of User’'s Daily Motion Based on Behavior Recognition Matching

Xia Lei
(Nanjing University of Science & Technology, Nanjing 210094, China)

Abstract: According to the users daily movements during gait (Pedometer of Gait POG pedometer) detection, statistical machine learn-
ing methods compared with the traditional method, based on template matching has higher precision and efficiency. This paper proposes an
improved Dynamic Template Wrapping (DTW) method based on template matching, which is verified on open source experimental data. The
experimental results show that compared with the traditional template matching method and IsDTW statistical learning method, the proposed

method not only has the relatively high accuracy (92%), the efficiency is better than the traditional method in a certain extent, to the prac-

tical application of more value.
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