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Person Re—identification Algorithm Based on LBP and HSV
Model and Improved SIFT Algorithm

Jin Lirong, Wang Haimei, Xu Danping

(College of Automation, Nanjing University of Science and Technology, Nanjing 210094, China)

Abstract: Aiming at solving the problem that SIFT (scale invariant feature transform) algorithm”’ s computation complexity is high and

its matching accuracy is low in a complex background, an image matching algorithm by combining LBP—HSV model and improved SIFT al-

gorithm is proposed. It first utilizes LBP histogram and HSV model to screen the identified similar region. Then it uses SIFT algorithm to de-

tect the feature points of the target and alternative region, and take advantages of improved HOG feature to describe feature vectors. Finally,

it finds matching points by using k—nearest—neighbor algorithm and weighted Euclidean distance. The results of experiments carried out on

multiple pedestrian pictures show that the proposed algorithm has good robustness and high accuracy, and compared with SIFT algorithm,

the matching speed is greatly improved.
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