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Abstract; Blast furnace gas is an important byproduct in iron and steel plants, and prediction of its generation and consumption has a
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great effect on balance and scheduling of gas system. However, the accurate prediction poses a significant challenge because of the unstable
conditions of the blast furnace gas system and the fluctuation of data. To solve this problem, an online prediction method based on adaptive
forgetting factor extreme learning machine (AF—ELM) is proposed. Dynamic adaptability of online sequential extreme learning machine is
improved by introducing forgetting factor to gradually forget of the old samples. And the forgetting factor is adaptively updated by prediction
error, which improves the prediction accuracy. The case study on the online prediction in iron and steel plants shows that compared with on-
line sequential extreme learning machine, the proposed method achieve higher prediction accuracy in changing conditions, and more suitable
for online prediction of generation and consumption of blast furnace gas.
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