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Online Fault Diagnosis of Wastewater Treatment Process
Based on ELM— AdaBoost. M2
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Abstract: Wastewater treatment exists strong nonlinearity, unsteady operation and other characteristics. the online fault diagnosis of

2. Shenyang Institute of Automation in Guangzhou. Chinese Academy of Science, Guangzhou

wastewater treatment process in reducing pollution and ensure the safety is of great significance. Concerning the low accuracy of fault diagno-
sis induced by the unbalanced distribution of wastewater treatment process’ running state, an online fault diagnosis model based on extreme
learning machine (ELM) and AdaBoost. M2 is proposed. Firstly, set ELM as weak classifier and then use AdaBoost. M2 to embody several
weak classifiers into strong classifier. The simulation experiments demonstrated that this online diagnosis model has higher precision, faster
speed, better generalization ability, and outstanding performance, while comparing to the traditional ones. Therefore, the proposed model
can meet the requirements of online fault diagnosis of wastewater treatment process.
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