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A SCFNN Based PAM Channel Equalizer Performance Research

Li Qinghai, Lin Ruichang

(Department of Electronic Engineering, Zhejiang Industry &. Trade Vocational College, Wenzhou 325003, China)

Abstract: Self—Constructing Fuzzy Neural Network (SCFNN) can create a fuzzy neural network for a target in accordance with a dedi-
cated algorithm. Multi—layer Perceptron (MLP) neural network is a very traditional neural network and many applications were developed
in different fields. Back Propagation (BP) combined with steepest descent method make the SCENN and MLP learned efficiently. Today.
many kinds of channel equalizers were constructed, and many kinds channel equalizers based on neural network were also constructed. We
prove that the SCFNN can be a superior equalizer. We also compare the performance of SCFNN and MLP applied in channel equalizer. The
simulation results show the SCFNN is superior than the MLP in convergence speed, bit error rate and sensitivity. When the SCFNN learning
processes is completed the, we found the structure is very simpler.
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