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Abstract: To solve the over-fitting problem caused by traditional obstacle avoidance method of intelligent wheelchair based on fuzzy logic
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during training process and the obstacle avoidance path is not optimized, we propose a new obstacle avoidance algorithm to reduce the com-
plexity of the neural network in the training process with fuzzy Bayesian network. Fuzzy neural network is utilized to adjust parameters of
membership functions. In order to obtain the ability of good generalization and accurate computing, a penalty term is introduced to the objec-
tive function to optimize the structure and the weights of neural networks using Bayesian method. Simulation and physical experiments show

that this algorithm is better than the traditional BP network in the training process and the obstacle avoidance path is optimized to meet the

users” needs of the comfort and security better.
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