THEALI R S5 EE. 2016. 24 (4)

Computer Measurement & Control

« 146 -

gt 58 A

NEHFS:1671 -4598(2016)04 -0146 - 03

DOI:10. 16526/j. cnki. 11—4762/tp. 2016. 04. 043

FE S ES TP273 XHRFRIRAG: A

EF R HOBARARIRS R ER ST 5
med, u F, B *

(PR RHEOR 2 A SEAR S, W1 45 621000)

WE. A ARREEBE ., EHEREA RS, R FaceCore AN T A M — B 1T = H 8 1 i A AR & 1%
WPRGE; WA R R AR T G ARG RERSRERBER ., REHERMEGROI ., BN, PUNSRREBH ST & 3117,
SIS FFAE AR . AR RAE A . AR AU R . AR ISR ThRE . W TR AR R AWM AR M IZ B A, BRI A AR
WL P ZR G FRE A JRAS 5 5 e X 2 AR [RVAR I S A AT AR A R L N R 7 R T DL R PR R I A R
G AR BRI B R AR s SCER A B TE T AL T = A A SR A S R G R AT RGN R e, MR, JFH S5
A BT P A A E AT S b A, B B I S R SR R i A 2R B AT S I A PR AR A B R T — bl A A R R

XER: = BARXRG: AR ARFRAEG MAOUER I A 0T

Cloud Computing-based Embedded Face Recognition System
Construction and Research

Lu Jiaolan, Chen Jun, Yang Zhu
(College of Computer Science and Technology, Southwest University of Science and Technology, Mianyang 621000, China)

Abstract; As for the defects of embedded systems computing and limited storage resources, I built a embedded face processing system
based on a set of cloud computing by using the advanced FaceCore open platform. Firstly, capture the image information by image capturing
device connected to the embedded platform. Then by transforming the complicated image processing, detection and recognition algorithms to
the cloud platform, realize facial feature value detection, facial feature detection, face similarity detection, and face matching functions.
Thirdly, reduce the burden on the local operation of embedded systems and reduce the cost of hardware and software for embedded face de-
tection, identification systems. At last, we get an average detection time from detecting the position of human face, mouth and the number
of faces in the image with different age, sex, recognition of people, the experimental results verify system stability, reliability and the fea-
sibility of the construction of the embedded real-time face recognition system based on cloud computing, it has the high real-time performance

compare to that on the local before , it provides a more effective way for the embedded system of real time image processing in the future.
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