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Abstract; Under the circumstance that the deficiency of conventional fault diagnosis method relies transformer oil dissolved gas analysis
and the need for the further development of future intelligent diagnostic algorithms., this paper introduces the application of two forward neu-
ral networks in transformer fault diagnosis based on the research of artificial neural network and do simulation training with a lot of DGA
sample data. Firstly, some flaws in the several common transformer fault diagnosis methods are discussed and it comes to the advantage of
the artificial neural network after the analysis of the limitation of the modern intelligent diagnosis algorithm. Then the internal fault in the
transformer are classified and coded with the consideration of principle and structure of two forward neural network . The corresponding fault
diagnosis model is designed respectively and tested in Matlab with the simulation programs. The simulation results show that two kinds of

neural network for transformer fault diagnosis identification is relatively ideal and PNN network behaves better when the Sample size is large,

which improves the accuracy of transformer fault diagnosis.
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net=newf{f(minmax(P),[12,6], {‘tansig’,’logsig’} ,'traingdx) ;
net. trainparam. show=10;

net. trainparam. epochs=50000;

net. trainparam. goal=0. 001;
[net,tr]=train(net,P,T);

P_test=[53.6 17.7 13.2 5 0;70 30 50 40 3;

279 41 9.7 42 34;154. 3 32.5 24.9 42. 4 68.8];
P_test=mapminmax(apply,P_test,s1) ;

Y =sim(net,P_test) ;
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[P,sl]=mapminmax(P) ;
T=[100000;1000003100000;100000;
000001;000001;000001;00000 17
spread=0. 03;

net=newpnn(P, T, spread) ;

temp=sim(net,P);

Yc=vec2ind(temp) ;

P_test=[48 38.4 91.6 5.3 4.8;70 30 50 40 3;
279 41 9.7 42 343154.3 32.5 24.9 42.4 68.8];
P_test=mapminmax(Capply,P_test,s1);

Y =sim(net,P_test) ;

Ya=vec2ind(Y);
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