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Abstract: Currently, the driver fatigue is the great concern of road transportation safety. The research for fatigue driving detection is ex-
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tremely practical and has a promising market future. Most of the existing fatigue detection system have the defect of high cost, lacking of reli-
ability and inconvenient. The computer vision on Android platform is used for implementation, which will greatly reduce the cost and com-
plexity. The fatigue detection mechanism based on multi—information fusion is adopted, which enhances the accuracy and robustness of the

system. The optimized BT—SVM is used which can provide the advantage on the speed and accuracy. Good experimental results are obtained

on related tests of the system.
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