* 2622 ¢

PHEALI S5 EE. 2014, 22(8)

Computer Measurement & Control

Bk B SR A |

NEHS:1671 -4598(2014)08 - 2622 -03

hE 4 %S TP301. 6 XHERFRIRAG: A

ETIHRRENZEN WINTRREE
X (| & B 77 iR

B &

(BN 2B R PLIR = S EOREBE . TLI8 M 225300)

WE: X0 ZERI — B WSN 55 W R0 0 25 A AN TS SR B T 3R T BORAG I 25 i) WSN S B X1 22 =0 K Oy
%o SIANL s B, Bt 7 FRRAIN &% . FH BOPRAG DI &% B8 0% 52 BUXT 578 15 5 10 00 2. DR ARG /D IR U LAY 5 W AR AE S 5. 45
BB B ERORAR TG AT A I . O E SR A S I S B A U LR R SRR AS B RE T WS R AR A LI e B AT A . S
B AR Crossbow 23 ) Az ) A B 8l A2l 1 WSN A7 s BEAT IR . LS5 SRR 0T, SRR MR TE I B G I N AR M AME ) . fE
5 3 T 6F WSN AT S0 S HEAT RN, AU 0 R 3k 95 X LA b AR ARG RIE S T 3504547, W T WSN REX WSN 5
YA G 0 B s A 0 R e T S X 4% R S UL i A Y ) A

KW RIS N T ; BRMEMBT A »WE

WSN Nodes Abnormal Degrees Two— way Multiple Detection
Based on the Loop Detector

Gu Sheng
(School of Computer Science and Technology Taizhou University, Taizhou 225300, China)

Abstract; Two— way multiple detection has been the difficulty of WSN node anomaly detection based on artificial immune principle is
presented based on the loop detector of WSN abnormality degrees two— way multiple detection method, this paper introduce artificial immune
principle, designs the loop detector, using the loop detector can realize the abnormal signal classification, and according to the anomaly char-
acteristics of the wavelet packet to extract the information of the signals, combining with the design of loop detector for testing, don't need to
know parameters and characteristics of abnormal signal, as long as the normal signal samples can achieve early fault detection of WSN nodes.,
real—time early warning. Crossbow in the United States company's built—in vibration sensor of WSN node test, test results show that the
inner and outer diameter of the loop detector in choosing appropriate, can accurately detect anomaly of WSN node detection accuracy is as

high as 95% above, up about 35% higher than that of traditional system accuracy. Meet the requirement of the WSN system for WSN nodes.,

effective solve the problem of the abnormal bi—directional detection sensor network nodes.
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