PHEALI S5 EE. 2014, 22(8)

* 2592 ¢ Computer Measurement & Control

Bk B SR A |

NEHS:1671 -4598(2014)08 -2592 - 03

hES %S TP391. 41 XERARIREG : A

ETHEN#ME PDE RN EREGREERAR

#HEn' 6 B R

(L PR 2Be BAgRe, M 4500075 2. R TERE B TFE#BE. A 450007)

TR B AR AR R Y [ (R 25 0 fml L, 4R M — b B R D o Oy B (PDED 25 MR s 208 R0 A 4% 100 55 1 7 IO 200 g
FLR b AR I — BOHT G 25 BRASCGER MRS A 5O B A AR R 7 AR O L B BE L A R R AR MRS R BT R O S
i) S OB R A TR . IR SR — FOBT IS A R BT R 5k MR R E B A E R R A R A B E R AE A AT ) R AN A%
51 S5 P A O R ] 9 G R A AR BR AR R P OIS M s O T R 2 MR 5 1R A TR AR 1 R M IR0, B A IR Bl HE AT 00 K D
WS BRI G AR R SRR RY . AE NG PDE BRI B8 A 80 2 BR R R iR A R R EHR LR R, P R b
fEfEME L (PSNR) 5 Z W5 i 1% S A7 A T 15 22 10 745 20 B0 S5 3000 A 088 o 0 Rt e 14 g U el €

X WM RE (PDE): MU A m R tEy s BERMG: IR3IIER

Study on the License Plate Image De—noising Based on
Adaptive Coupling PDE Model

Cheng Dongxu', Yang Yan®
(1. Zhongyuan University of Technology, College of Science, Zhengzhou 450007, China;
450007, China)

Abstract; According to the image de— noising problem in the license plate recognition preprocessing, we propose an adaptive coupling

2. Zhongyuan University of Technology, School of Electrical and Information Engineering, Zhengzhou

PDE de—noising model. We construct a new diffusion term on the basis of the anisotropic diffusion model, which can control the diffusion ve-
locity adaptively and inhibit the salt and pepper noise according to the features of the noisy image. We use the new diffusion term to couple
with the anisotropic diffusion model. And we present a new method to calculate the coupling coefficient adaptively, so that the given model
can transform between the new diffusion term and the anisotropic diffusion model adaptively and remove the mixed noise effectively. In order
to inhibit the image edge blurring, we introduce in the shock filter to do reverse filtering and enhance the image edge. The simulation test re-
sults show that the new model can remove the mixed noise of license plate image effectively, preserve the image edge information better, and
improve the PSNR. The de—noised image is beneficial to the subsequent character segmentation and recognition. The adaptive coupling PDE
de—noising model can improve the correct rate of license plate recognition effectively.
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